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Abstract

We are interested in simulation and optimization of gas networks. Usually, a gas network consists of various com-
ponents like compressors and valves connected by pipes. The aim is to run the network cost efficiently whereas the
demands of consumers have to be satisfied. This results in a complex nonlinear mixed integer problem. We address
this task with methods provided by discrete optimization. Therefore, the gas dynamics in all pipes and at compressors
must be described by piecewise linear constraints. We introduce an adaptive approach for the linearization process to
handle the complexity on the one hand and the aimed accuracy on the other. Further, we present numerical simulation
and optimization results based on our model.

1 Introduction

There has been intense research in the field of simulation and optimization of gas transport in networks during the
last years. Especially for the optimization task many approaches neglect different aspects - e.g. the stationary case
is considered as in [11] or binary decisions like switching processes for compressor stations must be determined
before the optimization process. We are interested in the transient case of gas network optimization and aim to
treat continuous as well as integer variables in our problems. Therefore, we apply methods provided by discrete
optimization as described in [12].

Discrete optimization deals with mixed integer linear problems (MILPs) and has many applications in the field of
operations research. Among these are optimization tasks for scheduling and transport processes like time tables
for airports and train stations. In applications of practical relevance this results in large systems with thousands
of variables. The basic tool of discrete optimization is the simplex algorithm. Integer variables are treated using
relaxation as well as branch and cut techniques. Besides the integration of integer variables, the guaranty of global
optimality is another main advantage of the algorithms used in discrete optimization.

But applying discrete optimization techniques to the transient case of gas network optimization yields two major
problems: While only linear constraints can be posed in a linear mixed integer approach, components like compressor
stations are described by nonlinear equations and moreover, one has to cope with the underlying PDEs of gas dynamics
(see section 3). In general, nonlinearities in discrete optimization can be addressed with piecewise linearization,
introducing approximation errors, new variables for every grid point in the linearized function and lots of equations
describing the so-called SOS constraint. Thus, especially multidimensional nonlinear functions demand a trade-off
between approximation accuracy and complexity of the MILP

At first, we need a discretization of the underlying hyperbolic PDEs which allows for a linearization with reasonable
effort (see section 4). We have examined a fully implicit box scheme and it proved to be a reliable basis for our
optimization framework. Stability and convergence results of our scheme are presented in section 5. The next crucial
step is the linearization process for the discretized PDE and other nonlinear constraints. We introduce an adaptive
approach with independent error estimators for both the discretization and linearization errors (see section 6 and
7). For testing purposes, we have implemented our model in the form of a black-box simulator within an approved
optimization framework [13]. Numerical results are presented in section 8.

2 Task definition

The aim of gas network optimization is to run a network cost efficiently whereas demands of consumers have to be
satisfied. Here, the costs consist of the entire fuel gas consumption of all compressor stations ¢ € E:

tend

fuel gas = Z J F.(t)dt

c€E,
Cpegin

where F.(t) denotes the fuel gas consumption of compressor c at time t.
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The consumer demands are described by time-dependent flux and target pressure values at all sinks s € V5. For a
given compressor control the violation of the target pressure values is measured as follows:!

t

end

gap to target = Z (ps,target(t) - ps(t))+ dt

seVy
tbegin

where p(t) and p; 1. (t) denote the (target) pressure at sink s at time t.

3 Model

We model a gas network as a directed, finite graph G = (V, E). The edges E correspond to the different components
of the network and the vertices V are inner/coupling or boundary nodes. For each node v € V, &, denotes the set of
outgoing edges and &, the set of ingoing edges. For the edges e € E, we define disjoint intervals [xg,xf], where x¢
belongs to the beginning of the edge e and xf to the end.

The gas dynamics inside the pipes E, € E are described by the isothermal Euler equations with a friction term:

3, (pA) + 0, (poq) = 0 €Y
(Poq)’ 100dl
8 (Poq) + 8y (Ap+pp"—i) = —A(q)% )

where p denotes the pressure, p the density, p, the standard density of the gas, g the flux, A the friction coefficient,
A the cross-sectional area and d the diameter of the pipe. The friction factor is given by the implicit formula of

Colebrook:
L = —Zloglo(£+i) 3)
VA Rev/A 3.71d
Re = :_5?1"‘1' @

where 7 is a gas dependent constant (dynamic viscosity) and k describes the roughness of the pipe. As equation of
state we use

p=c’p 5)
with a constant ¢, whereas our implementation also allows a nonlinear equation of state as in [12]. At coupling nodes

of the network, we have to pose coupling conditions for all incoming and outgoing edges. According to [2] and [12],
we claim equality of pressure as well as conservation of mass for all inner nodes v € Vi, and time t € [tyegin, tendl:

2 alxl, 0= 3 q(xf,0) ©)
i€s,; jeof
Vies, and Vjes!: p(xP,t) =p(x{,t) . 7)

For each compressor station ¢ € E., we apply the following two constraints for the compressor power and the fuel gas
consumption (compare [6]):2

P(pimpouc:qin) = dp *Qin ((}M) T 1) ;N (8)

Pin
Qout = qin_F(pin;pout:qin) (9)
r=1
)% Y
F(Pin» Pou>9in) = dp-qm-((;”t) —1) (10)
in

1 (x); =max(x,0) .
2 dp and dy may depend on the pressure if a nonlinear equation of state is used instead of (5).
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where py,(£) = p(x?, t), Pouc(£) = px?, 1), qin(t) = (x%, £) and o, () = q(x?, ). dp, dp and y are compressor and gas
dependent constants and N = N(t) denotes the current compressor power, a time dependent control variable.

4 Discretization

For the discretization of the isothermal Euler equations (1) and (2), we use a fully implicit box scheme which is
symmetric in space. The general case is treated in the next section. Applied to the isothermal Euler equations, our
scheme reads as follows:

plx,t+At)+plx+Ax,t+At)  plx,t)+plx+Ax,t) an
2 - 2
At
A (filx+ Ax, t + At) — f1(x, t + AL))
qlx,t+At)+qlx+Ax,t +At)  qx,t)+q(x+Ax,t) (12)
2 - 2

At
“Ax (fox + Ax, t + At) — fo(x, t + At))
A (fric(x, t+ At) +fric(x + Ax, t + At))

2
where
A = )
1 (poq(x, 1))
folx,t) = p—O(AP(X,f)'l'W)
Poq(x, t)lq(x, t)|

friex, 6) = 2dp(x,t)A

The resulting set of implicit equations is solved together with other constraints like coupling and boundary conditions
at the nodes and the compressor equations (8) and (9). This is done using an adapted version of Newton’s method
and applying sparse matrix techniques [5].

5 Stability analysis and convergence results

For a general balance law of the form u, + f (u), = g(u) (with f € C1), our discretization scheme reads as follows:

n+1 n+1 n n
u;y +uj B Uj_q +uj B At

5 5 = (Farm—suh) +ac

g + g (W)
. .

(13)

When implementing this method for a scalar balance law on a finite grid [x;, x,], we get r — [ equations for r — [ + 1
variables. So, we have to impose boundary conditions at exactly one boundary depending on the characteristic
direction, respectively the sign of f’. Accordingly, the sign of f’ must not change in the interval and we will require
such a constraint in the proofs later. In our case, the isothermal Euler equations, we are dealing with a system of
balance laws. For systems of balance laws, the signature of the characteristic directions must not change. This applies
to the practical relevant cases (|v| < ¢) since the eigenvalues of the Jacobian f, are A;, =v £c.

The analysed properties of our fully implicit box scheme are motivated by the result of Kruzkov given below for scalar
balance laws on unbounded domains (see [9]). Therefore, we consider scalar balance laws of the form

u +f,=gw), (x,t)eRxR, a4

with given initial data

u(x,0) =uy(x), x€R. (15)
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We are interested in weak solutions of the Cauchy problem (14)-(15) that is a function u € L*(R x R_ ) satisfying:

fJﬁ@ﬁf@Mﬂ&M+fu&ﬂML®ﬂ:—fJg@ﬁ&ﬁ Vo €Cl(RXR,) . (16)

—00 0 —00 —00 0

For given At and Ax, we identify our discrete approximate solutions given by the scheme (13) with piecewise constant
functions i in the following way:

d(x,0)=u! for (x,t) €I; xJ, 17

where I; = [(j — 0.5)Ax, (j + 0.5)Ax) and J,, = [nAt,(n + 1)At). For the initial conditions, we set

uj.’ = J ug(x)dx . (18)

L

In general, the solution of (16) is not unique and the physical one is characterized by the following entropy condition:

f f[n(u)cbt + F(u)¢,]dtdx + J n(uo(x))¢p(x,0)dx > — J J n'(Wggdtdx Vo eCy (RxRy),¢>0 (19
200 0 00 —00 0

where ) € C?(R) is a strictly convex function and the entropy flux function F satisfies F/(u) = n'(w)f’(u) for all u € R.

Theorem (Kruzkov): If uy € L°(R)NL(R), f,g € C'(R), g(0) =0 and g’ < 0 holds, then the problem (16) possesses
a unique entropy solution u(x, t) = S(t)u, satisfying

o IS(Ougllpoemy < Mgl
o IS(B)ug = S(Evollimy < llug = vollpiry  Vvo € L¥(R)

o TV(S(t)ugy) < TV(upy)

Existence of a unique solution

First of all, we show that our discretization scheme admits a unique solution in L(Z) in every time step. As mentioned

at the beginning, we will require that the sign of f’ does not change and therefore, we assume f’ > A,,;, > 0. The

case f' < —A,;, <O can be treated analogously: While in the following proofs our scheme is always solved for u;?“,

n+1

one simply has to solve it for uity.

Proposition 1 (existence and uniqueness): For u" € L'(Z), g(0) = 0, g’ <0, f' > Ay, > 0 and ££ > —— the

scheme (13) admits a unique solution u"*! € L}(Z).

Proof: Algebraic transformations of our scheme (13) lead to:

wit +uit _wtu A (f(u”“) —f(u"“)) A gt +gu}™)
2 2 Ax i i-1 2
gt + g™

1 At
ntl _ n ny) _ n+1y _ n+1
o ut= (uj_l +uj) ~ (h(u]- ) = h(uj™y )) +At 5

with h(u) = f(u) — %u. Due to the requirements on f’ and %, we have b’ > 0.

We introduce the following two operators W, T : L1(Z) — L(Z):

Ww); = % (uj_l + uj)




K

g( n+1)+g(un+1)
5 .

T(w); =u; + (h(u )—h(u;_,)) — At
With these operators, our scheme (13) can be written as follows:
T =wh).

To prove the existence of a unique solution, it suffices to show that || T’(u)|| 1z > C > 0 and that the linear operator
T’(u) is surjective. For an arbitrary w € Ll(Z) we have

At At
(T'ww); = [1+ —h’(u )—— -8 "(u)w; — [—h/(uj D+ — g/(uj—l)]wj—l
Whv_/
>0 >0 >0 <0
=q; =B

Since [B;_;| < a;_,, applying the triangle inequality and summing up over j € Z yields:
| (T/(U)W)j [=(1+ aj)|Wj| - aj—lle—ll
= ”T/(U)W”Ll(Z) 2 ||W||L1(Z)
= Tl >1=:C.
Remark: (a;) € L*(Z) since u € L'(Z) € L*(Z) and I, g’ € C(R).
For the proof of the surjectivity of T’(u), we consider an arbitrary y € L'(Z) and the sequence (w*);cy € L'(Z) defined
as follows:
0 ifj<-k-1
C = 1
g —(yj+Bimwj) ifj=—k
T4 7

First, we show that w* € L'(Z). For j > —k, we have:
1+ aj)W;'( =y +Bi-awj
= (1+ aj)|W;(| <yl +1Bj-allwial Syl + a1 lwjq]

Since W;( =0 for j < —k — 1, summation yields:

Z(1+a)|wk|< Z i1+ Z o |wj_|

]—*OO ]—*OO ]—*OO
= Z wk| < Z |yl — aylwy| < Z lyj! (20)
j=—00 j=—00 j=—o0

= wHlpe <y llpg -
Next, we show that (w*), is a Cauchy sequence in L'(Z). Let m,n € N, m > n. For j > —n, we have:
A +apw! —wi) =g (Wi, —wi )

= (I+apw] —wil=161lwi, —wi [ <aj Wi, —wi |.

With a,, := [|a||;~(z), summation yields:
N N
2+ aiwy —wil< D ajabwil, —wi |
j=-n j=-n

> DWWl S @t - |- eyl - whl < agle

J=-n -0
00 00 —n—1 —n—1
PN D WIASAED WIS s A+
j=—o00 j=—n j=—o0 j=mo0
—n—1 —n—1

= (W™ = Wl = Z Wi —w?l < (1+ ag )Z Wl A rae) Y 1y

]_*OO ]_*OO ]_*OO
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Since y € L(z), we know that for all e > 0 there exists an N(e) € N such that for all i > N(e):

—i—1| - 1
E ; €.
Vil = 1+ ag

j=o0

Therefore, (w*),y is a Cauchy sequence in L'(Z), because for all m,n > N(e): |[w™ — w"||1z) < €. Since LY(Z)is a
Banach space, there exists w* = klim wk (in L1(Z)). Due to the continuity of T'(u), we get:®
—00

k-1
* — : k — 1; k — 1 —
I @w" = yll3z) = IT' (LM ) = yllpz) = lim [IT'@w" =yl = lim Z ly;l=0.

j==—00

Now, that we have shown that there exists a (unique) solution u™! € L(Z) for u" € L1(Z), it is reasonable to mention
that our scheme is conservative for g = 0:

oo e utl Uttt @ d Ul A & ) o0

2= T = N T e 1 P sw) = 5y

j=—00 j=—00 j=—00 j=—00 j=—00

=0

Stability properties

For the following proofs, we introduce the operator
At
(Tlf(u))j = (h(uj) - h(ujfl))
with u>0and he C!.

Lemma 1: For u € L®(Z), h € C* with b’ > 0 and u sufficiently small, we get the following stability properties for the
operator T/

* ”T:(u)”Lw(Z) < ||u||L°°(Z)
and if u,v € L1(Z):

* ITPW = T Wiz < = vl

. TV(T[;(u))STV(u) )

, . . o h . . . _ 1
Proof: First, we show that the function ®(u;_,u;,uj;) := (Tu (u))j is non-decreasing in every argument for y = ™

with h,, = max(1, % ilelg ' (u;)):*

At
a—l‘l’(uj—huj,ujﬂ) = Mﬂh (uj—1)=0
>0
7 At
a_é(ujflauj:u]#l) = 1- MA_h (Uj) 20
) X
|
<1
a_q)(ul‘,l,u]',ui+l) = 0.
3

3 Obviously, T @1z <1+ 200.

4 suph’(u;) < oo since u € L°(Z) and h’ € C.
JEZ
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Thus, for u given as above, the operator T;‘ can be interpreted as a so-called monotone scheme in conservation form
(with numerical flux function h(u;,u,) = h(y;)) and applying the results from [4] yields the inequalities above.

Proposition 2 (stability): For u",v" € L®(Z) N L}(Z) = L'(Z), the scheme (13) has the following stability properties:

a) If 22 <2f'() + Axg/():

o ™ ez < Mullp=zy -

Ax / .

b) If &% <2f/():
° “un+1_vn+1”L1

e TV H)<TV(W") .

@ < U = vz

Proof: a) Similar to the proof of proposition 1, algebraic transformations of our scheme (13) lead to:

u;}j11+u;+1 u;z_1+u ( n+1)+g(un+1)

5 _ 5 _ A/t (f(un+1) f(un+1 )—i—A

& W= % (-, +u;) - = (h(u"+1) CR) EFNTICAS

with A(u) = f (1) — Eu + 4 g(u) Due to the assumptlon < 2f'(-)+ Axg’(-), we have #'(-) > 0. Using the operator

Tlf, the scheme (13) can be written as follows:

u 1 u
n+1 n he, n+l n+1
u, = — + | + At—— ; .
j 1 w(u") (u ) 1 g(u] )

The Intermediate Value Theorem yields g(u;‘“) = g’(iy“)u;‘“ and therefore:

1
(1 _ tL g (€n+1)) n+1 [ W(un) I Th(un+1)
1+, , 1+u 1+u
<0
= | n+1|<|L ( n)+;Th(un+1)|
1+u 1+u
Applying the triangle inequality and taking the supremum over j € Z yields:
flu™ | < Wy + LIITi‘(u”“)II
@ =T, @ T 12(2) -
Since we may choose a sufficiently small u, we obtain from lemma 1:
l[u™ Iz < rIIW(U”)IILw(Z) +7 T ™l ez
u
T+ ™ | ooz < 1 + —— W)l oz

= "l < IW @z < Ml -

b) For the proof of L!- and TV -stability, we use the same form of our scheme (13) as in proposition 1:

g(un+1) + g(un+1)
2

J

= % (e +ur) - Afc (rat - nih) +a
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with h(u) = f (u) — u Due to the requirements on f’ and A— , we have h’(-) > 0. Using the operator Th we have:

n+1 n+1
u. — V. =
J J

= T Wy =Womy) + s (T = 0™, ) + 5 e+ e - g0 ~ 01

Again, the Intermediate Value Theorem yields g(u}*")—g(v*") = g/(EF)(u}™ —vi*") and with y; = —£¢ =g €= o,
we get:
1
A+t vt = (W(u") -WOem;) + Tru (Th(unﬂ) T,f(V"H)j) i@ —virh
1
= (LT+yluf =it < —1 T W@"); —wH™);l+ T7u TR ); = TRyl = vt

For a sufficiently small u, summing up over j € Z and subtracting Z Y |u’1+1 fl“l from both sides yields:

j=—00
1
”un+1 n+1||L 1z) < —“W(u”) W(Vn)”Ll(Z) + m||(T5(un+1) _ Tu(vn+1)||L1(Z)
< r”w(u") Wl + 7 n [t = vz

= ™ = v g S WD) =WENpg < I =v e, -
Substituting v = u}_, (= v[""! =u}*]) immediately yields:

TV < TV .

Remark: The assumptions for the proof of L!- and TV-stability follow directly from the assumptions made in Propo-
sition 1 about the existence and uniqueness of a solution in L(Z). Therefore, the requirements for the proof of
) o1 . At 1 . . . 00 o1 . .
L*-stability might be unexpected. Indeed, T- > o 1 also sufficient for L*-stability if further assumptions are
made, e.g. u"*! >0 or ™! < 0 (componentwise).

Convergence results

In the following propositions, we will consider a sequence of approximate solutions (u®); .y with mesh parameters
At® and Ax® where At®, Ax®) — 0 for k — oo. Due to the definition (17), each u® can be interpreted as a
function of (x,t) € R x R,.. For the sake of simplicity, we will leave out the parameter k in the proofs.

In analogy to the Lax-Wendroff-Theorem, we state the following proposition:

Proposition 3: Let (u™®),y be a sequence constructed by the scheme (13) and converging in Llloc(]R x R,) with

At Ax® 0, Then, the limit @ = klim u™® is a weak solution of the Cauchy problem (14)-(15).

Proof: With ¢ € Cj (R xR,) and ¢} = ¢(jAx,nAt), we obtain from (13):

ur}+1 +ur}+1 u o+ un ( n+1) + g(un+1)
j-1 oo _ 771 +1 +1
2 = (f W) - fI)) + At 3
~—_————— — \W—/ \W—/ |y —
1 _ fn+1 —. fnl 1
= Uil = ”j—o.s j-1 =805
At
n+1 . n+l n+1 n+1 n+l _ n+1 n+1 n+1
= &)Ul =9 5“1 057 Ax @00 (f ) + A7, 58 05 -

Summation and (discrete) integration by parts yield:

Z Z q>n+15(u7+55 u' 05)+ Z Z (I);H(}S( n+l _ n+1) AtZ Z ¢;+&5 ]n+015

n=0 j=—o00 n=0 j=—o00 n=0 j=—o00

j=00 00 At

o0 o0 o0 o0
e +1 +1 +1 +1_ 1 nt+l
= D g5t O, (@~ 0,5)”}1—0.5+§Z D@ @O =AY > e el

j=—00 n=1 j=—o0 n=0 j=—o00 n=0 j=—o00
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Multiplying with Ax and taking the limit k — oo, we finally get:

j=00 0 0 ¢n+1 — P © q>n+1 _ q>n+1
1 0 j—0.5 j—0.5 ]+05 j—0.5 +1 _ +1 +1
35 o] o aea | 37 3 0ty S 5 B O | s S apar
j=—00 n=1j=—00 n=0 j=—00 n=0 j=—00
o0 [celee)
®(x,0)a(x, O)dx+f J [®,(x, )alx, t) + @, (x, t)f (@lx, t))] dxdt = — J J ¢ (x,t)g(d(x, t))dxde .
—o0 =up(x)
Next, we show convergence of our scheme to the entropy solution. For simplicity, we assume that
At
— =r =const.
Ax
As one can easily see from the proof, it is sufficient to claim %, % < ¢ < co0. Moreover, we claim the following for

each u € (u®),

™ ooz < Ml ooz
||Un+1||L1(Z) = ||un||L1(Z) 2n
TV < TV

This can be achieved by the assumptions made in proposition 2, but as mentioned in the remark, weaker conditions
might be sufficient. Therefore, we rather claim these stability properties in proposition 4. Due to (18) and with the
interpretation as piecewise constant functions (17), it follows immediately Vn € N:°

IA

||Un||L°0(R) ”u0|IL°°(]R)

IA

(L7 IPAYeS) Iluoll 1wy
TV@W") < TV(yp).

Proposition 4: Let u, € L*(R) N L (R), f,g € C}(R), g(0) =0, g’ <0, f' > A,;, > 0 and let (u®), oy be a sequence
constructed by the scheme (13) with initial conditions given by (18), fulfilling the stability properties (21) and

k—
AR A ZF 0, r = it((k)) > 5 l . Then, the limit 2 = lim u® exists (in L}
—>00

of the Cauchy problem (14)- (15).

(R x R,)) and i is the entropy solution

loc

Proof: The proof is subdivided into the following parts: First, we show that there exists a convergent subsequence
of our sequence in Llloc(]R x R, ). Next, we proof that the limit @ of every convergent subsequence fulfills the entropy
condition (19). Then, together with the previous proposition, we have shown that our scheme converges to the
entropy solution.

In the first part of the proof, we want to apply a compactness argument (compare [10]). Therefore, we consider the
following function space:

Lip={v:RxR, > R||[v]l; < oo}
T oo
with |vllyr = [ [ Iv(x, 0)ldxdt
0 —oo
It can be shown that the set
K={veL: TV;(v)<R and Supp(v(-,t)) < [-M,M] Vte[0,T]}

T oo T oo
with TVT(v):limsup%f f |v(x+e,t)—v(x,t)|dxdt+limsup%f f [v(x,t+€)—v(x,t)|dxdt
e—0 0 —o0 e—0 0 —oo

(o8]
5> Remark: For the total variation TV the discrete definition given by TV(v)= Y. |v;| is equal to the usual continuous definition.
j=—o0
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is compact in L, . For each of our piecewise constant approximations u € (u®),y, the following inequality holds:

[T/At] oo
V(W) < Y 30 [At, w4 Axult - u]
n=0 j=-o00
[T/At] |T/At]
< At Y TV(@")+Ax Z Dl -
n=0 n=0 j=-o00
|T/At] o
< (T+ADTVO)+Ax D > ! —ul]. (22)
S n=0 j=—o0
<TV(up)
With
w= sup [gw)l and f_ = sup [|f'(w)|,
|W‘S”u0HL°°(R) ‘W|5||Uo||L°°(R)

our scheme (13) yields:

urﬁ—l "=

¥ = _(un+1 n+1)+ (ll

Lu) - (f( "+1) f(u"H)) +— (g(u”“) + g(u"“))
1 A
T e R P I R PO f(u"“)l+—(|g(u"“)|+ gD
Ar—/ W—’
<SP =t <gl luj*| <gl luj*|

X 1 1 At
= >t -u| < ETV(u"+1)+ STV + A—xfo’oTV(u"“)+Atg;o||u”+1||L1(Z)

s

o0
= U™ = < A+ rf ) TV(W®) +rg’ Ax||ul|| i =: C
Z ! J e~ OO_VL_(ZL

j==o0

<TV(up) Slluoll;1 gy
Together with (22), we get:
LT/A¢) 1
TVp(uw) < (T+A0)TV(y)+Ax Z C <(T+At) (TV(uO) + —c) =R
r
n=0

Thus, if we restrict the functions u® to the domain [—~M,M] x [0, T], they are contained in the compact set K. In
other words, we can find a convergent subsequence in Llloc(]R x Ry).

From now on, we consider a convergent subsequence of our original sequence with limit . With h(u) = f(u) — %u,
our scheme (13) reads:

( n+1)+g(un+1

u}l+1 un (h(un+1) h(un+1)) 4+ = (u _ u 1) — At -
At g(u n+1) + g(u"“)
= n/(u;}‘*'l)(u}u-l — u;l) + ( n+1)(h(u”+1) h(u"+1)) + - n (un+1)(u _ u] 1) = Aty (un+1) 5
From the convexity of n and the assumptions on , we have:
(™) =) <0’ —uf) - and f 0 (W) (w)dw < ' @)(R(™) — A1) 23)

j-1

and therefore:
u;_l+1

( n+l)+g(un+l
2

At 1
n+1 n / / /¢, n+1 n n /¢, n+1
n(uj )—n(uj)+ﬂ J n'(w)h'(w)dw + 50 (uj )(uj —ujfl)SAtn (u]. )

n+1
u




- ;¥

By definition
Ww) = F/w) = = and  F/(w)=n'(w)f(w)
w)=fw)- 5 an w)=n'(w)f'(w
and by applying the first inequality of (23) a second time, this yields

( n+1)+g(un+1
n(un+1) n(un)+_(F(un+1) F(u”+1))+R(u Ll un+1 n+1) < Al"l’] (un+1)

j-1 j-1 2
\W—/ \ﬂ/‘/ \W—/ \V/ | S g ——
=t =7 =: Fntl = Fntl =:R"+1 nl

J J j-1 =805
where
1
n+1 n+1 — /0,,n+1 n n n+l _ n+1
R(Ll] 1au u] 1 u ) Ca ETI (uj )(ul _uj—l_(uj ))

With ¢ € Cj (R xR, ), ¢ >0and ¢! = ¢(jAx,nAt), we get:

o0

i Z q)n+1( n+l _ n) Z Z q>n+1 (Fn+l F;l:rll) i i q>{1+1R'r,}+1 SAti i q>;1+1n/(u;1+1)g;j&5 .

n=0 j=— n=0 j=—o00 n=0 j=—o0 n=0 j=—o00

Similar to the proof of proposition 3, multiplication with Ax and taking the limit k — oo yields:

(e8] (o8]

f J[n(u)d% +F(@)¢,]drdx+ f N(uo(x))¢(x,0)dx > — f f "(@g(@)¢dtdx .
—o0 0

—00 -0 0

Remark: The “residual term” Ax Z Z ®7*R7*! vanishes in the limit due to the bounded variation property of the
n=0 j=-o00

sequence u® in time and space.

6 Linearization

Since we address the optimization task with methods provided by discrete optimization, all nonlinear terms in the
discretized PDE as well as the other constraints must be approximated by piecewise linear functions. We will briefly
explain the procedure for the two-dimensional case. The three-dimensional case, as needed for the compressor
equations, and the one-dimensional case, which is only needed if a nonlinear equation of state is used, are similar.

The nonlinear terms f, and fric both depend on the pressure p and flux q. So we need a triangulation of the feasible
domain in the p-g-space. Assuming upper and lower bounds for both variables, a coarse uniform triangulation as
shown in figure 1 can be used as initial grid. The nonlinear functions are evaluated at every grid point (p;, q;). Finally,
these are replaced by an affine combination of the precomputed values. For a nonlinear function g(p, q) this reads as

follows:
sp.=g (Z /L-pi,zliqi) ~ Y hg(ppq) with Y A;=1 and 2,20 .
ieA ieA ieA ieA

Moreover, all non-zero A; must belong to a single triangle (SOS constraint).

Remark: Since the pressure and flux variables are space- and time-dependent a separate triangulation has to be stored
for every grid point in the space-time-discretization.

7 Error estimators and refinement strategy

When we apply the piecewise linearized equations as constraints in an optimization framework, refinement is nec-
essary to obtain the aimed accuracy. In general, a global refinement strategy is too expensive for larger problems.
Therefore, we use local error estimators to find the right areas for refinement.
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Y
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pmm pmax

Figure 1: 2D-Triangulation.

In the presented framework, we have to distinguish between two kinds of errors: Discretization errors, which also
occur in the nonlinear model, and linearization errors. For the refinement of the triangulations, it is important to have
independent estimators for both: In case the linearization error becomes much smaller than the local truncation error
due to the discretization, a further refinement of the triangulations only results in more computational effort but not
more accuracy.

For a general balance law of the form u, + f (u), = g(u) our error estimator for the local discretization error reads as
follows:

Ehn = %[ uﬁrll ]+1 1i4. (un+1 u 1)+un+1 u;_l:11
A
+ 2 (F = Fah 4 (£ ) - ) + A - Fa))
At a1
-5 (s +4- @™+ gD) 24)

At
—4- 5 () +4- gD + g(uy)
-5 (D4 s +sih) 1.

where u;? = u(xj, t,). This error estimator is based on a weak local truncation error estimator presented in [7] and
[8] where more details can be found for the conservative case (g = 0). To estimate a local discretization error which
is independent of linearization errors, we replace all nonlinear terms in (24) by the linearized ones.

The compressor equations (8) and (9) yield the following error estimators for the linearization error at a compressor:®

lln(pm ’pout’ in ) P(pm 7pout’ qfr;n)
55 P(Pin'» Pouts Tin )

EC,H —
Pin

c,n

Eon — lm(pm ’pout’ qm ) P(pm ’pout’ qm )
Pout

c,n

-P(Piy' Pout-Gin )
zm(Pm ’pout’ qm ") - P(pm ’pgunt’ q;, )
(pm ’pout’ qlc;zn)

ES" = Fun(pyy) ,pom,qm) F(p"pSnh,a™)

EON =
Gin

where the subindex "lin" denotes the linearized functions and p;", p,;, and g;" are the pressure and flux values at
time ¢, and compressor number c. For the refinement decision, the absolute Values of E" and E" are compared to
the correspondmg discretization errors at the end of all ingoing pipes as well as E"‘ n and EC o are compared to the

corresponding discretization errors at the beginning of all outgoing pipes.”
To estimate the linearization error (of a single triangulation) in the discretized momentum equation (12), we use:

At 1 ' .
E(JI’” = fz,lin(u;l) —fz(u;l) + 3 - At - Lcrlclin(u;?) —frlc(u;.l)

6 For every error estimator the other variables are "freezed".
7 In the current implementation the maximal ratio between linearization and discretization error can be prescribed.
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Again, for the refinement decision, these error estimates are compared to the corresponding estimated discretization
Eerrors.

8 Numerical results

For testing purposes, we have implemented our model in the form of a black-box simulator within an approved
optimization framework [13]. During the simulation process, the linearized model equations are solved for given
boundary conditions and control variables. Gradient information is computed by using difference quotients. After
every run of the optimization tool, the error estimators are evaluated and the linearizations are locally refined where
necessary.

8.1 Example 1 - single compressor

Our first test network consists of two pipes and one compressor as shown in figure 2. The compressor constants are
cp = 1.10- 102, ¢z = 3.70-1072 and y = 1.4. Both pipes are 50 km long with a diameter of 1 m and a roughness of
0.01 mm.

Figure 2: Network with a single compressor.

For the space-time-discretization each pipe is divided into Nx parts and the simulation time of four hours into Nt parts.
As initial conditions we use a constant flux of 1.5 - 106'”73 and the pressure linearly decreases from 65bar to 58.2bar
in the first pipe and from 58.2bar to 50.5bar in the second. The pressure is kept constant at the beginning of the first
pipe and the flux is kept constant at the end of the second pipe.

The target pressure values at the sink (end of the second pipe) are shown in figure 3. The compressor power is set to
zero at the beginning and can be configured in every second time step. Intermediate values are computed via linear
interpolation.

o
o

pressure in bar
o [8,] o [8,]
- N w -

[52]
[=]
L

0 1 2 3 4
time in hours

Figure 3: Target pressure at the sink.
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For the twodimensional linearizations (functions f, and fric), we start with a coarse regular triangulation as shown
in figure 1 (p,,;, = 49bar, p,.. = 69bar, ¢, = 02~ s Qmax = 2.5 106";1 ). For the linearizations of the compressor
equations, we use the following prism as feasible domain which is initially divided into six tetrahedrons:

3
m
(pin’pout’ qin) = (54])31', 54bar: OT)

m3
+2, - (6bar, 6bar, OT)

m3
+2, - (Obar, 10bar, OT)
m3
+25 - (Obar, Obar, 2.5 - 1067)

with A; € [0,1]. Concerning the refinement strategy, a maximal linearization error of 25% of the discretization error
is allowed.

Figure 4: Course of a 2D-triangulation.

Nx Nt fuelgas target violation

linearized, step1 2 4 7062 0.018
linearized, step 2 2 4 4651 0.319
linearized, step3 2 4 4351 0.478
linearized, step 4 2 4 4362 0.401
linearized, step5 2 4 4336 0.416
linearized, step 6 2 4 4335 0.413
linearized, step 7 2 4 4334 0.414
linearized, step 8 2 4 4334 0.414
nonlinear 2 4 4334 0.414
nonlinear 4 8 3998 0.279
nonlinear 8 16 3941 0.137
nonlinear 16 32 3918 0.070

Table 1: Optimization results for the first example.

The results of the optimization process are listed in table 1. The fuel gas consumption and the target violation
are computed using the "optimal" compressor configuration and a very fine discretization (Nx = 128, Nt = 256).
Already after a few refinement steps the solution of the linearized model is very close to the solution of the nonlinear
model with the same space-time-discretization. After seven refinement steps there is no further refinement of any
triangulation. Figure 4 shows the refinement steps for one of the 2D-triangulations.

8.2 Example 2 - two compressors

Our second test network consists of five pipes and two compressors as shown in figure 5. The compressor constants
are the same as in the first example. All pipes are 50 km long with a diameter of 1 m and a roughness of 0.005 mm.

The initial conditions are listed in table 2. For the whole simulation time of eight hours, the pressure is kept constant
at the beginning of the first pipe and the flux is kept constant at both sinks S; and S,.




Figure 5: Network with two compressors.

pipel pipe2 pipe3 pipe4 pipe5

p(0,0) in bar 65.0 58.7 51.7 51.7 48.2
p(L,0) in bar 58.7 51.7 50.8 48.2 44.4
q(x,0)in 102 1.5 1.5 0.5 1.0 1.0

Table 2: Initial conditions for the second example.

The target pressure values at the sinks are shown in figure 6. The feasible domain for the initial triangulations has
been adapted. Table 3 shows the results of the optimization process. Similar to the first example, the solution of the
linearized model is close to the solution of the nonlinear model after a few refinement steps.

Target Pressure at Sink S1 Target Pressure at Sink S2

52¢ 481
5915 s 47
0 O
£ £
g 5 L 46t
=5 3
g g
8505 8 45;

50¢ 44

0 2 4 6 8 0 2 4 6 8
time in hours time in hours

Figure 6: Target pressure at the sinks.
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Nx Nt fuelgas target violation

linearized, step 1 2 8 17569 0.000
linearized, step 2 2 8 10085 0.000
linearized, step 3 2 8 6282 0.000
linearized, step 4 2 8 5314 0.123
linearized, step 5 2 8 5222 0.163
linearized, step 6 2 8 5205 0.179
linearized, step > 7 2 8 5204 0.180
nonlinear 2 8 5192 0.195
nonlinear 4 16 4912 0.194
nonlinear 8 32 4815 0.130

Table 3: Optimization results for the second example.

9 Conclusion

We have presented an adaptive approach for the linearization process in solving optimal control problems for gas net-
works using methods provided by discrete optimization. For testing purposes, we have implemented our model in the
form of a black-box simulator within an approved optimization framework and we have examined two optimization
scenarios. Already after a few refinement steps, the solution of the linearized model is very close to the solution of the
nonlinear model with the same space-time-discretization in both test examples. Furthermore, the number of refine-
ments in every step decreased as the solution of the linearized model approached the nonlinear one. Altogether, the
first results of our approach are promising and we intend to apply the same techniques for optimal control problems
in water distribution networks.

As a next step, we aim to implement our adaptive linearization algorithm in a mixed integer programming framework.
Moreover, we intend to investigate how far refinement in space and time is necessary for scenarios with practical
relevance.
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